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Development of LSTM-based lithium—ion battery state—of-health estimation
algorithm using charging data and verification on hardware accelerator
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Fig. 1 SOH result over cycle of battery pack
degradation data
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Fig. 2 Structure of the LSTM cell
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Fig. 3 Changes in health indicators by degradation
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Fig. 4 SOH estimation in desktop and HA (a) result (b)
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